@ TALLINNA ULIKOOL

Faktoranaliiiis
Peakomponentide meetod (PCA)
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@ TALLINNA ULIKOOL
Tunnuste grupeerimine

Millal (millises olukorras) on tunnuste grupeerimine vajalik? Nimeta 2
pohiolukorda.

« Tunnuste grupeerimise kaudu on vdimalik tekitada vdiksem arv antud
néhtust kirjeldavaid tunnuseid.
« Millal on tunnuseid liiga palju, et neid on vaja grupeerida?
— Testid, alamosade kokkuvotted (eelnevalt teada, millised
tunnused kokku pannakse)
— Kui uuritavat ndhtust ei saa tapselt ja usaldusvaarselt iihe tunnuse
kaudu moota.

19.02.15

@ TALLINNA ULIKOOL
Moisted

Faktoranaliilis

* Annab tulemuseks faktorid
« Kinnitav, saab teha uldistusi
+ Amos, SPSS

PCA (peakomponentide meetod)

Principal component analysis

« Annab tulemuseks komponendid

« Uurimuslik, Uldistusi teha ei saa (Exploratory factor analysis)
« SPSS
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@ TALLINNA ULIKOOL
Mis on latentne nahtus/fenomen?

LABIPOLEMINE
Uued ideed

Sissetulek / :
Stressi tase

Motivatsioon todtada
Uks viisidest, millal
me tunnuste grupeerimi-

Tervislik seisund

sele mdtleme on see, kui me Endaga rahulolu
oleme andmete kogumise ajal Tostundide arv
mdelnud, et uuritavad tunnused

annavad kokku mingi latentse nahtuse.

Meeleolu
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@ TALLINNA ULIKOOL

Tunnuste grupeerimine

Nimeta kaks p6hilist moodust, kuidas saab gruppide rtuseid kokku
panna. Selgita nende erinevusi (skaala, puuduvad vaartused).

« Kuidas saab tunnuste vaartuseid kokku panna?
— Vaartuste summa
— Vaartuste keskvaartus (puuduvate vaartuste korral kasuta f-i MEAN)

q1 a2 @ o @ ® @ £ @ q10
1 500 400 500 600 300 500 600 500 6.00 300
2 500 400 500 500 500 300
3 200 200 200 200 100
4 400 500 600 200 400 500
5 300 500 100 400 500 4.00 600 4.00

« Summa korral arvutatud skaala puhul métle uute vaartuste
téahendusele. Keskvaartuste arvutamise korral jaab skaala samaks.
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@ TALLINNA ULIKOOL
Faktoranallius
Faktoranalllsi idee on kirjeldada iga algtunnus faktorite ja ...........
(mille) kaudu.

« Faktoranalliiisi idee on kirjeldada iga algtunnus faktorite ja eripara/
omapara kaudu.

X, =L,F,+1,F, +..+1,F, +e

im™ m
X, =L F,+L,F,+..+1, F +e,

Xy =l F+1,F+ .+, F, +e

m” m

« Alguses on faktoreid samapalju kui algtunnuseid. Meetodi idee —
faktoreid vahem kui algtunnuseid.
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@ TALLINNA ULIKOOL
Faktoranallitsi eeldus

Mis tiilipi tunnuste korral faktoranaliitsi |abi viia saab? Mida tuleks

arvesse votta binaarsete tunnuste kasutamisel?

Tunnuse tiilibid

+ Intervalltunnused, jarjestustunnused (! ei sobi kui on selgelt
mittevordsed), binaarsed tunnused

« Binaarsete tunnuste korral on arvutatud korrelatsioonikordajad
kalduvad olema ... madalamad

Milliseid seoseid faktoranaliilis tunnustelt eeldab? Kas olukord, kus

kdik tunnused on omavahel tugevalt seotud, on hea faktoranaliisi

labiviimiseks?

Korrelatsioonid tunnuste vahel

+ Faktoranaliilis pohineb Pearsoni korrelatsioonidel => mudel tuleb
parem kui seosed on olemas.
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@ TALLINNA ULIKOOL
Faktoranallits eeldus

Kas faktoranaliilis eeldab, et tunnuseid on rohkem kui objekte? Kui
palju peaks naiteks uuritavaid objekte olema, kui tunnuste arv on 20?

« Objekte peab olema 3 korda rohkem kui tunnuseid?

Kas faktoranaliilisi Iabiviimiseks piisab naiteks kolmest tunnusest?
« 5-6-7-8 12 on juba palju

ql 92 @ o 3 (3 o 8 90 q10
1 500 4.00 500 600 300 500 6.00 500 6.00 3.00
2 500 400 500 500 500 300
3 200 200 200 200 100
4 400 500 6.00 200 400 500
5 300 500 100 400 500 400 600 400
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@ TALLINNA ULIKOOL
Faktoranalltsi eeldus

Millised kaks eeldust on kil faktoranalliiisi eeldused, kuid nende
kontrollimine Likerti skaala puhul ei ole primaarne/oluline kisimus.

« Tunnused alluvad normaaljaotusele
« Seose kuju lineaarsus

Mitmemd: line statistika Kairi Osula 2015/kevad
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@ TALLINNA ULIKOOL
Faktoranalltsi eeldus

Faktoranallls eeldab objektide arvuks .....

« Uldine reegel — vahemalt 10-15 objekti iihe tunnuse kohta

« Nunnally (1978) — objektide arv peaks olema tunnuste arv korrutatud 10-ga

* Kass &Tinsley (1979) — 5 kuni 10 objekti ihe tunnuse kohta, kokku kuni 300
objekti

« Tabachnick & Fidell (2007) — vahemalt 300 objekti

+ Comrey & Lee (1992) — 100 kehv valim, 300 hea valim, 1000 suurepérane
valim

Millal véib uuritavate objektide arv olla vaiksem?

« kui me ei kasuta FA mudelit véljaspoole valimit ja ei eelda, et samasugused
juhtumid oleksid laiemalt kehtivad

« kui on vaga selged tekkinud grupid
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@ TALLINNA ULIKOOL
Faktoranalltsi eeldus

Kas tunnused peavad olema mdddetud samal skaalal?
El, tunnuste vaartused standardiseeritakse

+ 1 tunnus- pikkused
Valimi keskvaértus = 165 cm
Standardhalve = 5 cm
Mari pikkus = 175 cm (st.v = +2)
Jiri pikkus = 160 cm (st.v = -1)

* 2 tunnus- vanused
Valimi keskvéartus = 20 aastat
Standardhélve = 2 aastat
Mari vanus = 22 aastat (st.v =+1) |
Jiiri = 20 aastat (st.v = 0) I M
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@ TALLINNA ULIKOOL

FaktoranalGusi labiviimine
- o uuritava néhtt i
= Operatsionaliseerime e valime tunnused, mis voiksid seda néhtust kirjeldada.
= Vajadusel testime valimi suuruse sobivust (KMO test).
0,7-0,8 hea 0,8-0,9 vaga hea 0,9-1 suureparane
= Tellime faktoranaliiiisi.
= Vaatame loodud mudeli kirjeldusvéimet ning tekkinud komponente.
Esimeses komponendis on kdige rohkem algtunnustest, viimases kdige vahem \
(pGhiliselt on seal omapara)
Vajaduse eemaldame médne tunnuse, mis ei kirjelda piisavalt selgelt/hasti antud
fenomeni, naiteks on tunnus seotud vordselt mitme komponendiga. Kuid sellele
eelneb métlemine, voibolla sobib antud tunnus véga kirjeldama loodavat fenomeni.
= Kontrollime iga loodud komponendi reliaablust (eraldi). Telli ka Cronbach a
vaartused juhuks, kui tunnus ei kuulu loodava komponendi koosseisu.
= Vajadusel eemaldame médne tunnuse, mille eemaldamisega téuseb grupi tunnuste,
reliaablus kérgemaks. Eelneb taaskord tésine sisuline analiiis.

= Arvutame summatunnused, anname faktoritele nende sisu kirjeldavad nimed.

Mitmem&dtmeline statistika Kairi Osula 2015/kevad




@ TALLINNA ULIKOOL

1. Naide wvs.sav

= Mis on inimeste jaoks oluline? (V80 -V89)

Now I will briefly describe some people. Using this card, would you please indicate for each description
‘whether that person is very much like you, like you, somewhat like you. not like you, or not at all like you?
(Code one answer for each description)

V80, Itis important to this person to think up new ideas Skaala
and be creative; to do things one’s own way. 1 2 3 4 5 6 1-very much like me
V8L Itis important to this person to be rich: to have a 2 - like me
ot of money and expensive things 1 2 3 4 s 6
V82, Living in secure surroundings is important to this 3 - somewhat like me
‘person: to avoid anything that might be dangerous. 1 2 3 4 5 6 4- alittle like me
V83, Itis important to ths person to have a good time; -
10" spot” oneslf. : 1 2 3 4 5 6 5 - notlike me
V84, Itis important fo this person to help the people 6~ not at all like me
nearby: to care for their well-being 1 2 3 4 5 6
V85, Being very successful is important to this person;
to have people recognize one’s achievements. 1 2 3 4 5 6
V86, Adventure and taking risks are important 10 this
person: to have an exciting lfe 1 2 3 4 5 6
V87 Itis important to this person to always behave
properly. to avoid doing anything people would 1 2 3 4 5 6
say s wiong.
V88, Looking after the environment is important o this
person: to care for nature. 1 2 3 4 5 6
V89, Tradiion is important to this person; fo follow the
customs handed down by one’s religion or family. 1 2 3 4 5 6
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@ TALLINNA ULIKOOL

1. ndide

= Analyze/Dimension Reduction/Factor

actor Analysis

Uuritavad tunnused viime

Variables.

V1 & V80 D) Variables viljale
& VIA & V8L Extraction...
&vis &5 V82
& V2A &5 V83 Rotation... |
HV3 & V84
v (¢) G@vas Scores... |
& vaco & V86 Opt ]
v Va7 ptions...
& Vsco & V88
V6 &5 V89
& V6Co . S "
&v7 Soovime analiiisida vaid
Svrco Selection Variable DOV 5 N
e v2=19 the riigi (Rootsi) andmeid
& Vv8co Value... |
? | Reset | Paste Cancel oK |
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@ TALLINNA ULIKOOL

1. ndide

© 0 O Factor Analysis: Descriptives

Statistics
 Univariate descriptives

 nitial solution

Correlation Matrix KMO and Bartlett's Test®

@ Coefficients [reee Kaiser-Meyer-Olkin Measure of Sampling 627
8 levels dequacy.

Determinant Anti-image Bartlett's Test of Approx. Chi-Square 1110.525
 KMO and Bartlett's test of sphericity Sphericity df as
.. Sig. .000

? Cancel Continue 2. Only cases for which Country/Region = Sweden are used

in the analysis phase.

KMO test m6dab valimi suuruse adekvaatsust.
(N =983, KMO=,63)

0,5-0,7 keskparane 0,7-0,8 hea 0,8-0,9 vdga hea 0,9-1 suurepérane
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@ TALLINNA ULIKOOL

1. naide

= Teema — mis on inimestele oluline?
= Mitu komponenti voiks tekkida? Millised?

= Eeltéd
= Andmete lilevaatamine — kui palju riike, puuduvad vaartused
= Kirjeldavad arvnaitajad valitud tunnuste kohta
= Korrelatsioonimaatriks
= Vajadusel testime valimi suuruse sobivust (KMO test).

Tellime faktoranaliilisi.
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@ TALLINNA ULIKOOL

1. naide

| Descriptives... |\ Extraction... | Rotation... Scores... | | oOptions...

©® O O Factor Analysis: Descriptives

Univariate descriptive:
statistikud (keskvaart

irjeldavad
, n)

Statistics

Initial solution  esialgne lahendus

Coefficients — korrelatsioonimaatriks

[2] Univariate descriptives
™ Initial solution

Correlation Matrix

& Cosfficients O Inverse Significance levels - korrelatsiooni
kordajate olulisustdenaosused.
_| Significance levels [ | Reproduced Determinant - korrelatsioonikordajate
v - determinant.
Determinant [} Anti-image

KMO and Bartlett’s test of sphericity
KMO and Bartlett's test of sphericity

0) [ cancel Continue

Inverse - péérdvardeline korr.maatriks.
Reproduced - korr.maatriks, pshineb
mudelil, mitte péris andmetel.
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@ TALLINNA ULIKOOL
Field,A. Discovering statistics using SPSS. 2009, p.647

KMO

Another alternative is to use the Kaiser-Meyer-Olkin measure of sampling
adequacy (KMO) (Kaiser, 1970).

The KMO can be calculated for individual and multiple variables and represents the
ratio of the squared correlation between variables to the squared partial correlation
between variables.

The KMO statistic varies between O and 1. A value of O indicates that the sum of
partial correlations is large relative to the sum of correlations, indicating diffusion in
the pattern of correlations (hence, factor analysis is likely to be inappropriate). A value
close to 1 indicates that patterns of correlations are relatively compact and so factor
analysis should yield distinct and reliable factors.

Kaiser (1974) recommends accepting values greater than 0,5 as barely acceptable
(values below this should lead you to either collect more data or rethink which
variables to include). Futhermore, values between 0,5 and 0,7 are medicore, values
between 0,7 and 0,8 are good, values between 0,8 and 0,9 are great and values
between 0,9 and 1 are superb (Hutcheson & Sofroniou, 1999).

Hutcheson, G., Sofroniou, N. (1999) The multivariate social scientist. London: Sage.

Kaiser, H. F. (1970) A second generation little jiffy. Psychometrica, 35, 401-415

Kaiser, H. F. (1974) An index of factorial simplicity. Psychometrica, 39, 31-36
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@ TALLINNA ULIKOOL

Descriptives... Extraction, Rotation... | Scores... | [ Options...
1.8.0.0 Factor Analysis: Extraction PCA - peakomponentide meetod
- Unweighted least squares  Osad vanad meetodid, enne PC
Method: | Principal components B Generalized least squares Likehood — on tehniliselt erinev, sama

| Maximum likelihood
principal axis factoring
| Unrotated f  Alpha factoring
Image factoring

idee.
Alfa factoring ja Finish factoring —
uuemad meetodid.

Analyze Display
(2) Correlation matrix

Covariance matrix ] Scree plot

Extract [ Unrotated factor solution - po6ramata
(®) Based on Eigenvalue maatriks.

Eigenvalues greater than: | 1 . .
Extract — valjaeraldamine

Kui komponendi omavéértus on 1 - selle
kirjeldusvéime on sama suur kui
algtunnusel.

) Fixed number of factors
Factors to extract

Maximum Iterations for Convergence: | 25

@ Cancel | [_Continue
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1. naide

| Descriptives... | Extractio

@ TALLINNA ULIKOOL

Scores.. | [ Options...

8 00 Factor Analysis: Rotation

Method
) None ) Quartimax .
(®) Varimax ) Equamax
) Direct Oblimin () Promax
Delta: |, Kappa [4 .
Display

 Rotated solution [ Loading plot(s)

Maximum Iterations for Convergence: | 25

| Cancel Continue

@ TALLINNA ULIKOOL

1. néide
Descriptives... | Extraction... | Rotation... |
© O O Factor Analysis: Factor Scores FAC1_1 FAC2_1 |
351510 -.34365
@ Save as variables
3.51408 -1.40596
Method
3.49561 -1.17999
D
Q Lot 347472 -50892
STl 347293 12869
2 LS 346275 105374
Display factor score coefficient matrix 4GSR iy
3.44762 -75296

[ Cancel | [[Continue ] 344062 141935

Mitmemddtmeline statistika Kairi Osula 2015/kevad

@ TALLINNA ULIKOOL
1.néide
« Valisime tunnused (maérasime tingimuse (riik = rootsi))
« Tellisime kirjeldavad statistikud ja korrelatsioonitabeli
(KMO test)
« Po6orasime Varimax meetodil
« Maarasime valikukriteeriumi (omavaartus suurem 1)
* Maarasime meetodi PCA
« Jarjestasime viéljundtabeli
« Salvestasime komponentide vaartused igale objektile
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Rotation — pdéramine

Varimax - kdige tlupilisem,
ortogonaalne pdéramine, seos
faktorite vahe puudub.
Quartimax, Equamax —
edasiarendused.

Direct Oblimin, Promax —
mitteortogonaalsed, jatab faktorid
seotuks.

Mitmem&dtmeline statistika Kairi Osula 2015/kevad

1. naide

| Descriptives... | Extraction... | Rota

@ TALLINNA ULIKOOL

tion... Scores... |

© O O Factor Analysis: Options

Exclude cases listwise — vilja jaetakse need

Missing Values
(*) Exclude cases listwise

() Exclude cases pairwise

objektid, kellel on kasvdi iihes analiitsitavates
tunnuses puuduy vaartus (vilja— 2, 3, 8)
Exclude cases pairwise — jaetakse valja iga
tunnuse korral puuduvaid védrtuseid omanud
objektid (k2 - valja 2,8; k4 - valja 2,3)

M | T T

Replace with mean — puuduvad viartused
2 | asendatakse tunnuse keskvaartusega (kui
andmed on jaotunud normaaljaotusest

erinevalt; kui valimi suurus jaéb véga véikeseks)

Sorted by size— pooratud komponentide
maatriks jarjestatakse faktorite kaalude jargi
kahanevasse jarjekorda

4 2 5 5
5 3 2 2
6 2 3 3
7 3 3 5
9 3 2 5

Suppress small coefficients-maatriksis ei kuvata
neid vadrtuseid, mis on alla 0,3
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Descriptive Statistics®

Std
Mean Deviation | Analysis N

@ TALLINNA ULIKOOL

80 Schwartz: Important 239 1086
o this person to think
wideas

81 Schwartz: Important 4.61 1.080
to this person to be rich

82 Schwartz: Important 2.89 1.287
to this person living in
secure suroundings
83 Schwartz: Important 3.28 1.339
to this person to have a
good time

84 Schwartz: Important 1.97 863
to this person to help

the people

85 Schwartz: Important 3.80 1.343
o this person being

very successful

86 Schwartz:Important 4.03 1.404
to this person adventure

and taking risks

87 Schwartz: Important 3.48 1.392
to this person to always
behave properly

88 Schwartz: Important 2.56 1.175
to this person looking

after environment

89 Schwartz: Important 3.15 1.423
to this person tradition

983
1 2 3 4 5 6

Viga minu Ei ole ldse
983 moodi minu moodi

a. Only cases for which Country/Region = Sweden are used
in the analysis phase.
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@ TALLINNA ULIKOOL
+ Kui tabelis on tugevad ja nérgad seosed. Faktorite moodustamise alus:
tunnus on tugevalt seotud (ihe faktoriga & norgalt teiste faktoritega.
! Kui tunnus ei korreleeru teistega
! Kui tunnusel on seosed (ile 0,9 (ekstreemne multikollineaarsus)

Correlation Matrix®

52 schuriz 6 Schmartz | 87 Schrtz
80 schwartz impGriantto | 83 schwarz: | 84 Schuartz: | 85 schwart: | mportnito | impartantto | 88 scmar:
mporintl | o1 sowae | Wpeoy | Imposintls | periots | Imporintlo | Whpear | Wperion | imporicis
Waperion | imporantlo | lvng Gperon | Wepenn | Wopemon | ahenure | o | hperon

tincuy | s person GoRied | WS | Bk | andukes hve | lonking aier
newideat | ‘wberkh | swoumdrgs | ooodome | people- | sicceset isks properly _| envroament

Correlaon 80 Sehwariz oot T000 165 B 107 i 205 5% o1z 057

' perton o tunk
G el e
81 Schwartz: important 169 1000 078 310 o3 307 203 153 163
o this person 1 bt ich
82 scmar importane -116 078 1.000 082 193 027 248 30 085

s person iing in
Secure Suroundingy
83 sear: important 100 310 082 1000 125 18 253 004 -0s4
s person 1o have &

Good tme

84 Sewartz: mportant 13 043 193 125 1000 038 os1 101 207
't person to el

e pebple

55 Sowarz mportarc 209 397 027 184 038 1000 203 200 052
bty

86 Scarczimportane 256 203 -2 253 os1 23 1000 002 sz
i peren e

e

87 Seartz: mportant -oa2 153 a1 004 101 204 002 1000 160
i A

ot

88 Schwartz: mportant 057 -163 085 054 207 -092 oi2 160 1.000
i ooing

Sher ehron

55 e Imparan o032 os0 250 -020 150 050 024 280 165

ol person twadion
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Communalities®

Initial | Extraction

80 Schwartz: Important 1.000 64
to this person to think

up new ideas

81 Schwartz: Important 1.000 642
to this person to be rich

82 Schwartz: Important 1.000 602
to this person living in

secure suroundings
83 Schwartz: Important 1.000 331
to this person to have a

good time

84 Schwartz: Important 1.000 468
to this person to help
the people 0,464
85 Schwartz: Important 1.000 525
to this person being

very successful

86 Schwartz:important 1.000 554
to this person adventure
and taking risks

87 Schwartz: Important 1.000 528
to this person to always

behave properly

88 Schwartz: Important 1.000 577
to this person looking

after environment

89 Schwartz: Important 1.000 .408
to this person tradition

@ TALLINNA ULIKOOL

Mitu % selle tunnuse
variatiivsusest on faktorites?

Alla 30% on liiga vahe

Extraction Method: Principal Component Analysis.

a. Only cases for which Country/Region =
Sweden are used in the analysis phase.

ika Kairi Osula 2015/kevad

@ TALLINNA ULIKOOL
Scree Plot
2
PR
]
E
s
H
s
=
i
1
0
T T T T T T T T T T
1 2 3 4 H o 7 H H 10
Component Number
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@ TALLINNA ULIKOOL

Hinnang valimi suuruse adekvaatsusele (KMO)

P —

SUUREPARANE
09—
VAGA HEA

08—

HEA
07—

0,6 | KESKMINE
KMO and Bartlett's Test®

0,5
Kaiser-Meyer-Olkin Measure of Sampling 627
Adequacy.
Bartlett's Test of Approx. Chi-Square 1110.525
Sphericity df a5
Sig. .000

a. Only cases for whlch Country/Region = Sweden are used
in the analysis phas

0
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@ TALLINNA ULIKOOL

» Loodavad kolm komponenti kirjeldavad algtunnustest

50,997%

« lgal algtunnusel on peale standardiseerimist hajuvus 1
«  Kui faktori koguvariatiivsus on suurem kui 1 => faktor
kirjeldab rohkem kui algtunnused eraldi

« Kui aga faktor kirjeldab vahem, siis ei ole ju motet
faktoreid luua

Total Variance Explained?

Extraction Method: Principal Component Analysis.

a. Only cases for which Country/Region = Sweden are used in the analysis phase.

@ TALLINNA ULIKOOL
Faktorite po6ramine (ortogonaalne)

e /
)

N —Oomxum

~o | Faktor 1

N
~eo. 0@
\\
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@ TALLINNA ULIKOOL

Component Matrix*® Rotated Component Matrix?>

Component Component
T 2 3 T Z 3
85 Schwartz: Important 692 BT Schwartz. Important 736
o this person being to this person to be rich
very successful 85 Schwartz: Important 704
81 Schwartz: Important 689 -381 o this person bein
o this person to be rich very successful
83 Schwartz: Important 557 86 Schwartz:Important s77 | -34a | 310
1 this person to have a to this person adventure
and taking risks

86 Schwartz:Important 526 | -380 | 366 83 Schwartz: Important 573
o this person adventure 0 this person to have a
and taking risks j00d time
82 Schwartz: Important 702 80 Schwartz: Important 453 419

0 this person living in o this person to think

secure suroundings

89 Schwartz: Important 601 82 Schwartz: Important 775
o this person tradition 0 this person living in
87 Schwartz: Impartant 370 | 598 secure suroundings
10 this person to aways 87 Schwartz: Important 695
behave properly {0 s person t'ahnays
ehave prope
88 Schwartz: Important 428 | 628 ve properly
o this person looking 89 Schwartz: Important 577
after emvironment Jolbls person tadl
84 Schwartz: Important 383 | 508 88 Schwartz: Important 720
10 this person to help to ths person looking
the people after environment
80 Schwartz: Important 442 449 84 Schwartz: Important 547
o this person to think to this person to help
Up new ideas she pegple
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@ TALLINNA ULIKOOL
1. ndide.

Reaalsus: tekkis 3 komponenti

V80. Mdelda uusi ideid, olla loominguline
V86. Riskimine ja seiklused on olulised
V83. Veeta hasti aega

V81. Omada palju raha ja kalleid asju
V85. Olla edukas

Meelelahutus ja edu

V82. Elada turvalises imbruskonnas
V89. Jargida traditsioone Turvalisus

V87. Kaituda korralikult

V88. Hoida loodust
V84. Hoolida ja aidata naabreid

Mitmemddtmeline statistika Kairi Osula 2015/kevad

@ TALLINNA ULIKOOL

Faktorite vaartuste arvutamine

« Mida selgemad erinevused faktorite vahel, seda
sarnasemad tulemused tulevad.

+ faktorite vaartused esitatakse originaalskaalal

- iga algtunnuse eripara pannakse faktorisse (FA viskas
eripara valja ja lisas teiste algtunnuste osa faktorisse)
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1 komponent: 81, 85, 86, 83, 80

Reliability Statistics

Item-Total Statistics

Scale Corrected | Cronbach's
Scale Mean if | Variance if | Ktem-Total | Alpha if kem
item Deleted | Item Deleted | Correlation Deleted

81 Schwartz: Important 12.93 16.106 457 611

to this person to be rich

85 Schwartz: Important 13.89 16.266 .481 601

to this person being

very successful
86 Schwartz:Important 13.04 15.840 445 616
to this person adventure
and taking risks

83 Schwartz: Important 13.53 17.133 361 654
0 this person to have a

good time

80 Schwartz: Important 14.22 17.634 403 635

to this person to think
up new ideas
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Vaartuste salvestamine "“6 ves ]

1 263629
1 -.36049
1 -57821
1 50450
1 -.02845
2 2.53602
2 69872

6
HH

Véga minu . R 5 Eiole lldse
moodi Keskmine on véga palju minu moodi
Keskmine = 2,26 nihutatud ndustumise poole
(V88 +V84)/2
(2,56 +1,97)/2
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1.naide

« Valisime tunnused (maarasime tingimuse (riik = rootsi))

« Vaatasime kirjeldavad statistikud ja korrelatsioonitabelit (KMO test)

« Vaatasime kommunaliteete (mitu % tunnuse kirjeldusest voeti
faktoritesse). Kas jatame mdne tunnuse FA vélja?

« Vaatasime mudelit (kui suure osa algtunnustest kirjeldavad &ra loodud
faktorid)

« Vaatasime komponentide maatriksit ja tekkinud faktoreid. Kas siuliselt
on faktorid tolgendatavad?

« Kontrollisime faktorite reliaablust

« Andsime loodud faktoritele nimed ja tdlgendasime komponentide
vaartuseid

Testime, vordleme, uurime...
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2. naide V60-V67

For each of the following statements I read out, can you tell me how strongly you agree or disagree with
each. Do you strongly agree. agree. disagree, or strongly disagree? (Read out and code one answer for each
statement)

Strongly agree  Agree  Disagree  Strongly disagree
V60. Being a housewife is just as

fulfilling as working for pay. 1 2 3 4
V61.  On the whole, men make better political

leaders than women do. 1 2 3 4
V62 A university education is more important

for a boy than for a girl. 1 2 3 4
V63.  On the whole, men make better business

executives than women do. 1 2 3 4

People pursue different goals in life. For each of the following goals, can you tell me if you strongly agree,
agree, disagree or strongly disagree with it? (Read out and code one answer for each statement)

Strongly agree  Agree Disagree Strongly disagree
V64. One of my main goals in life has been to

‘make my parents proud. 1 2 3 4
V65. 1 seek to be myself rather than to follow

others 1 2 3 4
V66. Tmake a lot of effort to live up to what my

friends expect 1 2 3 4
V67. 1decide my goals in life

by myself. 1 2 3 4
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3. ndide

« Kuulumine erinevatesse organisatsioonidesse (V24-V33)
« Not a member - Inactive member - Active member
« Kaik riigid (?)

Now I am going to read off a list of voluntary organizations. For each one, could you tell me whether you
are an active member, an inactive member or not a member of that type of organization? (Read out and
code one answer for each organization).

Active member  Inactive member Don’t belong

Church or religious organization 2 1 0
Sport or recreational organization 2 1 0
Art, music or educational organization 2 1 0
Labor Union 2 1 [
Political party 2 1 [
Environmental organization 2 1 0
Professional association 2 1 [

or charitable 2 1 0
Consumer organization 2 1 0
Any other (write in 2 1 0
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2. naide

Rotated Component Matrix*®

Inital Eigenvalues Component
Component | _Total | % of Variance | Cumulative % T 2 3
T 2371 79,636 29636 Men ke Deter —
2 1363 17.034 : business executives
3 1217 15.210 61.880 than women do
! Men make better 839
N 929 11616 political leaders
s 675 8.438 81,035
University is more 816
6 644 8.045 89.981 important for a boy
7 478 5.980 95.961 1 decide my goals in life 774
s 323 4.039 100.000 by myself
Extraction Method: Principal Component Analysis. | seek to be myself -761
rather than to follow
a. Only cases for which Country/Region = Sweden are . Others
Being a houseuwife 424
fulfiling

One of main goals in life 807
has been to make my
parents prou

Live up to what my .802
friends expect

Extraction Method: Principal Component Analysis.
Rotation Method: Varimax with Kaiser Normalization.

a. Rotation converged in 4 iterations.

b. Only cases for which Country/Region = Sweden are
used in the analysis phase.
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4. naide

« Tunnused on mdddetud erinevatel skaaladel

(Show Card

+ To66ga seonduvad ka +is m}’;}x‘mwmnmm».wmm.m ol ot s i
* V50-V54 (1-2-3-4-5)

with the statement on th right. and if your views fall somewhere in between. you can choose any
oumber i betwen. (Code o mumber for aach 5510

acomes shouldbe We nood lagericome diferences
< V116-V121 ‘made more equal a5 mceatives forsdividual effor
TS 4 s 6 7 s s w0
Please specify for each of the following s V!'" m:;j::::ﬁ;f) m‘j::m";;:::;mv“
strongly agree, agree, neither agree nor di Shod b cressed oo cressed
25 4 s 6 7 s 9w
answer for each statement):
V115, The government should People should ake more
c mor sesporsbilty o cusuze wspousiility to
ot everyone s provided provide for hemselves
R s 1 s 10
V50. To fully develop your talents,
you need to have 2 job. V115, Competiion s good. 1 Compeion s bamfil. It
V51, It is humiliating to receive aud develop new ideas
P s s 1 s s
‘money without working for it.
752 : V120, Inthe long run bd eork Hacd work docsa'tseseally
V2. People who don’t work usually brigs 3 beter e g success s more  mater
become lazy. ok s ommecrons
T A
V53, Work is a duty toward
society V21, Pecple can nly gt ich el cangow o fhre's
a cnongh for everyone
V54, Work should always come first. TR s 6 0 s o
if it means less free time 3 4 >




